
D4.2 : Analysis of the outcome of the project regarding its
objectives for the workers/learners in terms

of enhancement of career and learning pathways

Writers : Yannick Warnier - BeezNest



Introduction 3

Observations on the project execution 3
Challenges 3

COVID-19 3
Ambitious estimate of survey participants 3
Underestimation of the Machine Learning data needs 4
Cost of professional market study 4

Execution 4

Outcome 6



1. Introduction
The SILKC project’s stated goal was to establish a way to analyse and enhance

European citizens’ professional pathways (both career and adult learning, which are difficult
to completely dissociate) through a platform that would take their previous professional
experiences and recommend ideal professional pathways to move (professionally) or
improve their professional situation.

Further in the project, this goal focused more on recommendations and less on
pathways, as professional pathways really require a lot of time to be analysed (a decade
would be a more reasonable duration to collect proper data), and also developed into
extensions we didn’t initially foresee would be needed, but users feedback helped us adapt
quickly and deliver a meaningful and useful system.

2. Observations on the project execution
There have been many challenges during the project execution.

Challenges

COVID-19

While we expected the COVID-19 pandemic to have little effect on our project which
would, by definition, be able to be executed almost entirely remotely, we did not foresee the
impact it would have in collecting data. Our risk management matrix did not consider a
pandemic as a likely risk and, as such, did not allow us to plan for it in an appropriate way. It
struck our project about 7 months in, and lasted for most of the project duration.

Our partner in Poland, OIC, who’s main input to the project was to collect data (in
various working phases) had a highly reduced reach, as most users they had access to
pre-pandemic were not returning to the institution in significant numbers and existing
procedures did not allow for proper remote data collection. Travel and general movement
restrictions or recommendations lasted for so long that they ended when the project was
almost over (second quarter of 2022) and left us too little time to collect input by users in a
meaningful amount.

Several transnational meetings had to be cancelled because of national travel
restrictions, slightly exacerbating misunderstandings between the partners, which finally
made the delivery of the right Machine Learning algorithm more difficult and forced us to
reduce expectations.



Ambitious estimate of survey participants

BeezNest was planned to collect feedback from its community of Open Source
software (Chamilo) users, but the nature of the survey, its timing and its restricted target
reduced effective participation considerably: only 7 in more than 3000 people queried
actually completed the survey.

Underestimation of the Machine Learning data needs

It was only after the first technical meeting sessions with UniVPM that we realized
that the amount of data needed to properly train the Machine Learning algorithm was very
high, and that we needed to reduce the scope of the project to only 3 occupations (jobs) to
actually produce any useful trained Machine Learning model by the end of the project.

Cost of professional market study

The possibility of asking for a market study to collect feedback from users in Belgium
was abandoned due to high costs which were not planned in the project budget. Costs were
high due to the specificity of our target (which had been reduced to 3 occupations due to
issues with the scope of the project in consideration to the Machine Learning model we were
trying to develop) and the high number of people we needed.

Execution

Despite the challenges, the project partners worked efficiently towards achieving a
working application showcasing the project concept.

Haikara and BeezNest worked early on the design of a user survey to collect first
data samples. The survey was then translated to the 4 languages and sent to small samples
of users. The survey results were then reviewed and the partners found some additional
information was required to properly enable the collection of data necessary to the Machine
Learning algorithm.

The partners worked on reducing the scope of the final users by choosing 3
occupations that had high demand, were widespread in the partners’ countries and were
planned to remain in demand in the future.

Haikara led the review of several skills frameworks which were then reviewed by the
partners, making interviews with institutions in Europe to get feedback on the benefits of the



frameworks they used. This led to the (early) decision to use the ESCO framework, based
on its structure, its availability, its wide coverage of occupations and its availability in all
European languages.

It was also quickly obvious that the time of the project would not allow us to collect
any relevant data regarding “pathways” in the sense of observing the impact of our training
recommendation algorithm on the professional occupations of our users: the application
would be ready too late to provide recommendations that would need to be taken by the
users, for which the user would need to follow one of the recommended training (some of
them can span several years) and then take action by changing jobs and give us feedback.
As such, we abandoned the idea of drawing the concept of pathway into the interface: we
can currently see the professional history of the user, but not easily visualise the impact of
our recommendations on the user’s professional pathway. The door remains open, however,
to add this feature in the future. We believe the introduction of job offers to the platform (not
initially planned) largely compensates (in utility) the lack of visual representation of
pathways.

A new survey was designed with the help of OIC and sent to new users to collect
pathways data (professional and training history). At this point, we realised that restricting
the target population to only 3 occupations also negatively affected our ability to collect
feedback (we needed users that had something to do specifically with these 3 occupations,
which none of the partners had particular links to). Either way, feedback could be collected.

In the meantime, Haikara and BeezNest collaborated on the design and development
of the web application, with BeezNest designing mock-ups (and getting them reviewed by
other partners) and Haikara providing the bulk of the development work, to end up with a first
version of the application.

This allowed Haikara and BeezNest to work on the data import process from data
collected by OIC and BeezNest about training institutions and test users’ professional
history.

Several meetings were held and many emails exchanged to try and clarify the
expectations about the Machine Learning algorithm, but in hindsight our partner on that side
wasn’t able to allocate the required amount of resources needed for the project, at the time
needed, which resulted in several misunderstandings about the data structure, the data to be
processed, the data to collect in the application as feedback loop and the results expected
but the web application from the Machine Learning algorithm.
The expectations were reduced progressively until a bare minimum algorithm was designed
(far from the initial expectations), of which the results do not reach the expected quality
because it lacks data to train properly. It does, however, contain the seeds necessary to
improve the algorithm sequentially and scale with new data made available by users of the
system.

Having the application available in a testing environment helped other partners better
understand the project and alleviated some of the tension created by misunderstandings on
the effective goal of the system (which had affected the survey design process by OIC).



Translations were provided by each partner to have a fully quad-language application,
including its content (training and skills/occupations terms).

It also helped us pass to the next step in terms of data collection, by having users
directly testing out the application and filling more data directly.

Several iterative improvements were made (in terms of user experience) to the web
application, while the (reduced) Machine Learning algorithm was being worked on by
UniVPM. A feature to manage job offers was added together with the user role of “recruiter”,
enabling corporate users to search for eligible candidates and sending them job offers.

The application was finalised by Haikara thanks to the feedback provided through
final users testing by OIC.

3. Outcome
At this point in time, we have designed, developed and tested a functional web

application that includes all the required interfaces to comply with the project’s goal.

There is still much work to be done on the Machine Learning algorithm and
adjustments to be made to the web application to match this work, but the general process
of filling one’s profile, then searching for a dream occupation and obtaining usable
recommendations works, proving the concept makes sense.

The features surrounding job offers have been added to the initial plan and many
ideas have emerges as a result of the implementation, like ways to monetize the application
through corporate customers, ways to incentivise institutions to regularly update our
database of training offers, and ways to provide a more compelling application to the final
users by offering them job opportunities.

We implemented the platform in the most privacy-sensitive way, by avoiding any
visibility of private data on the platform by other users. Even recruiters can only see a
number behind matching skills profiles, and can only know the names of candidates if they
decide to write to the given contact person. We *do* collect a name (not absolutely
necessary for the system to work), an email address (necessary for communications), a city
(vague geolocalized indication, recommended as this will allow for better filtering of training
offers) and an age (in years), but these are only used to personalise the user’s experience
on our system.

Although the “Pathways” notion used in the title of the SILKC project (Skills
Integration in a Learning Knowledge and Career Pathway) could not be implemented at this
time (because of a short time span to collect all relevant information), this “component” can
easily be added once data has been accumulated in a reasonable amount.


